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[NpeancnoBme

3a oueHb KOPOTKOE BpeMs I1ocie nossienus Apache Spark — ¢peiitmBopk
CJIEYIONIEro IOKOJEeHUsT i ObICTPOil 06paboTku 6oJIbIINX 00HEMOB
MAaHHBIX — MOJIYYHJI TIOBCEMECTHOE pacrpocTpanenue. Spark mpeBocxo-
mut peitmBopk Hadoop MapReduce, KOTOPBII Jai UMITYJIbC PEBOJIIO-
n B 06paboTke GObINX 06HEMOB JAHHBIX, TI0 MHOKECTBY KIIOUEBBIX
MapaMeTPoB: OH HAMHOTO OBICTPEE, HAMHOTO MPOIIE B MCIIOJb30BAHUM
Garomapst Goratomy API 1 MOJKET TIPUMEHSITHCS JIJIsT CO3/IAaHUST HE TOJb-
KO TIPUJIOKEHUH MakeTHOW 0OpabOTKM JaHHBIX PasHON MOITHOCTH, HO
U MHTEPAKTUBHBIX MPUIOKEHWUH, MPUIOKEHII MOTOKOBON 06paboTKM
JIaHHbBIX, MAIIUHHOTO 00yueHust U 00paboTKu rpados.

1 6b1T TecHO BOBJIeUEH B pa3paboTKy Spark Ha Bcex aTarmax aToro mpo-
1ecca, OT YepTeKHOM TOCKU /10 0O0pa3oBaHUs caMOTO aKTHBHOTO U3 CO-
BPEMEHHBIX OTKPBITBIX TIPOEKTOB U OJJHOTO M3 CAMBIX aKTHBHBIX TPOEK-
ToB Apache! Mue 6b110 0cOOeHHO TIPUATHO, uTO Mateil 3axapus (Matei
Zaharia), cosgaresnb Spark, oObeguHMICS ¢ APYTUMU JaBHUIIHUMU pas-
paborurkamu Spark — ITarpukom Bengennom (Patrick Wendell), 9uau
Kousuncku (Andy Konwinski) u Xongernom Kapay (Holden Karau), —
4TOGBI HATTUCATD ATY KHUTY.

B ¢Bs131 ¢ GBICTPBIM POCTOM TIOMYJISIPHOCTH Spark Ha mepesHuii mian
BBINIIA TIPOGIEMa HEXBATKHM XOPOIIHMX CIPABOYHBIX PYKOBOJICTB. ABTO-
Pl KHUTH TIPOJICJAIIN JUTHHHBIN TyTh J7Is ee penenus, Hamucas 11 ria
U [TPEJICTABUB JCCSTKU TTOAPOGHBIX TPUMEPOB, YTOOBI TOMOYD CTIETIHATUC-
TaM B 006JIACTH aHAIN3A JIAHHBIX, CTYICHTAM U TPOTPAMMECTaM MOBIMKe
yaHaTh Spark. OHa JoCTyITHA YUTATENISIM, HE MMEIONMM OTIbITa PaboThI
¢ «BONBITMH JIAHHBIMI», YTO JIETACT €€ OTJIMYHON OTHPABHON TOYKOIL
JUIST Havajia M3YYeHUsT MPeMETHON o6acTi B 1eoM. 51 Ha/eloch, 4To
MHOTO JIET CITYCTSI YUTATEU CO CBETJIBIM 4yBCTBOM GY/IyT BCIOMUHATE 9Ty
KHUTY KaK MPOBOIHUKA B HOBBII 3aXBATBIBAIOIIIIT MUP.

— Hon Cmouxa (Ilon Stoica),
mapexTop Databricks u conupexrop AMPlab,
Kamudopuuiickuit yamsepcurteT bepkin



BcTtynaeHue

ITo Mepe BXOXK/IEHUS B 0OMXO/T aHAN3A JIAHHBIX CTICIIHATUCTI-TIPAKTHKH
BO MHOTUX 06JIACTSIX HCKAJU Bee 60Jiee POCThie MHCTPYMEHTHI JIJIsT Petiie-
Hist 910l 3agaun. Apache Spark 6bicTpo 3aBoEBaJ MOMYJISIPHOCTH KaK MH-
CTPYMEHT, paciupsromuii u obobimatonmii mogeb MapReduce. Dpeiim-
BOPK Spark umeer Tpu OCHOBHBIX MTpeMMYIIecTBa. Bo-1mepBoix, mpoctora
B HCITOJIb30BAHUM — C €r0 ITOMOIIBI0 MOKHO CO3/IaBaTh TIPUJIOKEHUS HA
HOYTOYKe, UCII0JIb3Y$ BBICOKOYPOBHEBbBII API, KOTODBII II03BOJISIET CKOH-
IEHTPUPOBATHCS HA MPEIMETHON CTOPOHE BBIYMCIEHU. BO-BTODBIX, BbI-
COKast CKOPOCTH PabOTBI, YTO IACT BO3MOKHOCTD CO3/IaBATh MHTEPAKTHB-
Hbl€ TPUJIOKEHNUST U MCIIOJIb30BATh CJIOKHBIE aJTOPUTMBL. V B-TPETHUX,
060061IIEHHOCTD, MO3BOJIAIONIAs OOBEMHATH PA3HOTUITHBIC BBHIYMCIICHYST
(HanpuMmep, BbIIOAHATh SQL-3ampockl, 00pabaTbiBaTh TEKCT U Peaju30-
BBIBaTh aJITOPUTMbI MalIMHHOIO 0Oydenus (machine learning)), as yero
npesk/ie Heo6X0MMO GBLTIO TPUMEHSITh PA3PO3HEHHBIEC MHCTPYMEHTHL. Bee
9TO fiestaet Spark OTIMYHON OTIIPABHO TOYKO# Ha My TH U3YYCHUS aCTIeK-
TOB 06paboTKK «GobIINX AaHHbIX> (Big Data).

[leb 9TOTO BBOAHOTO PYKOBOJCTBA — TIOMOYb BaM OBICTPO HACTPOHTH
Spark v npricTymTh K pabote ¢ HUM. 371eCh BbI y3HAETe, KaK 3arpy3uTh 1 3a-
nyctuth Spark Ha cBoeM HOyTOYKe, Kak paboTaTh ¢ HUM B WHTEPAKTHBHOM
peskuMe, 4ToObI To0IMIKe TT03HaKOMUThCsE ¢ AP 3aTeM MbI paccMOTpUM
0COBGEHHOCTH IOCTYITHBIX OTIEPAIIUET 1 PAacIpe/ie/ICHHBIX BhraucaeHuii. B 3a-
KJTIOYEHUE MBI COBEPIITMM 9KCKYPC 10 BBICOKOYPOBHEBBIM OHOJIMOTEKAM,
BXOZSANIUM B coctaB Spark, Bkioyas GubaIMoTeKn A1l MaliMHHOro 00yJe-
HIsI, IOTOKOBOI 00pabOTKM HaHHBIX (stream processing) u SQL. Mbl Ha-
JIEEMCSI, UTO C ATOI KHUTOMN BbI GBICTPO CMOYKETE IMTPUCTYITATH K PEIICHUTO 3a-
a4, CBSI3AHHBIX C AHATIM30M JIAHHBIX, KaK HA OIHOM, TAK 1 HA COTHSIX MAIITHH.

Komy aapecoBaHa 3Ta KHWUra

JlanHas KHUTA apecoBaHa CIENUATICTaM B 0OJACTH aHATN3a JAHHBIX
(MM WccsieIoBaTeNsIM) U MHKEHepaM-TIIporpaMMucTaM. Mbl BhIGpaJIH
9TH JIBE TPYIIIbI, TIOTOMY YTO OHU CMOTYT M3BJIEYb HaI/I6OJII)IHyIO BBITOY
ot npuBJiedeHus ppeiiMBopka Spark syt perierust cBoux 3aad. borarast
Kosutekust 6ubmuorek (takux kak MLIib), Bxomsmux B cocras Spark,
TTOMOJKET CIIEITATICTAM B OOIACTH aHAN3A TAHHBIX PEIATh CTATUCTHYe-
CKUe 3371441, HEMOCUJIbHDIE eINHCTBEHHOMY KoMIIbioTepy. [Iporpammuc-



12 < BcrynaeHve

TBI, B CBOIO OY€PE/lb, Y3HAIOT, KaK MHCATh PACIPEICJICHHBIE TPOTPAMMbI
Ha OcHOBe Spark w Kak ympaBJisiTh MPOMBIIIJICHHBIME TTPHJIOKEHUSIMIL
ITporpaMMHUCTBI ¥ UCCIEIOBATEN TTO-PA3HOMY OYIYT BOCIIPUHUMATH 3TY
KHUTY, HO U T€, U IPyTHE CMOTYT 3a1eiicTBOBaTh Spark jijist perenust 60.1b-
X PACIPE/IE/IEHHBIX 33/1a4 B CBOMX 00JIACTSIX.

WccenenoBaTeii OCHOBHOE BHUMaHUE YAEJSIOT OTBETAM Ha BOIPOCHI
u pa3paboTKe Mojesieii Ha OCHOBE JaHHbIX. OHU YacTO MMET Marema-
THYECKYO MOATOTOBKY, U HEKOTOPbIE U3 HUX 3HAKOMBI C TAKUMU HHCTPY-
MeHTaMu, Kak Python, R u SQL. Mbl moctapaiuch BKJIOUYUTD B KHUTY
IPUMEpPBI TPOTPaMMHOTO Koia Ha Python wu, rae ato Heobxomnmmo, Ha
SQL, a Takske 0630p OHMOIMOTEK 1 0COOEHHOCTEH MOAMEPKKY MAITMHHO-
ro obyuenust B Spark. Ecsiut BbI — ncc/ie1oBaresib, CIEuaaicT B 00J1acTi
aHaJM3a JTAHHBIX, MBI HA/IEEMCsI, YTO MOCJIe TIPOUTEHUST HAllled KHUTH BbI
CMOJKETE MCIIOb30BATh T€ JKe MaTeMaTHUYECKUE MOAXO/bI JIJIsI PEIICHIS
3a/1a, TOJIbKO HAMHOTO GhicTpee u B GoJiee MIMPOKOM Maciirabe.

Bropas nesieBast rpynna [aHHOW KHUTH — WH/KEHEPBI-TPOrPAMMUCTBI,
UMEIOTIIe HEKOTOPBIH OTBIT MPOTpaMMUpPOBaHust Ha Java, Python win
JPYTUX sI3bIKaxX. ECJIM BbI — TIPOTPAMMUCT, MbI HaJ[eEMCsI, YTO OJraroaapst
ATOI KHUTE BbI HAyYMTECh HACTPauBaTh KaacTepbl Spark, mosb3oBaThest
KOMaH/HOI 060moukoit Spark u mucath Spark-npumoskeHust 1Jist oprasu-
3alMK NapajulesIbHbIX BblunceHni. 3uakomble ¢ ¢ppeiimBopkom Hadoop
yoKe 3HAIOT, Kak B3anmozelictBoBath ¢ HDFS u ynpaBasTs kiactepamu,
HO, Kak ObI TO HU OBIJIO, MBI BCE PABHO OIKIIEM OCHOBHBIC TIOHSITHSI pac-
NPEIETEHHBIX BBIYUCICHN.

Kewm Ob1 BbI HI OBLIH, HCCIIEOBATEIEM UK TPOTPAMMUCTOM, YTOOBI 13-
BJIEYb MaKCHMYM U3 9TOH KHUTH, HCOOXOAMMO UMETh 3HAKOMCTBO C JIfO-
OBbIM 13 SI3BIKOB ITporpamMMupoBatust: Python, Java, Scala wim um mogo6-
HBIM. MBI TIOJTaraeM, U4TO y Bac ysKe PEaln30BAHO PElCHUE XPaHUJIUIIA
JUIST BAIlIAX JIAHHBIX, TO9TOMY MbI OXBATHM JIUIIb HanboJsiee 001Ire MOAX0-
JIbI K 3arPYy3Ke U COXPAHEHMIO JAHHBIX, HO He OyeM 00CysKIaTh BOIIPOCH
ux peanusaiui. Ecii y Bac Moka HET OIbITa MCIOJIb30BaHUs HU OJJHOTO
U3 TIEPEYNCICHHBIX SI3bIKOB, HE BOJTHYHUTECH: CYIIECTBYIOT BETUKOJIEITHBIC
KHUTH, KOTOPbIE TIOMOTYT B OBJIaJicHU UMU. HeKoTOpbie U3 TAKUX KHUT
MBI YIIOMSTHEM B pasjiesie « KHUTu moiiepsKKi> HIsKe.,

IKaKk opraHn3oBaHa 3Ta KHWUra

I'naBbI B 9TOM KHUTE CJIEAYIOT B IOPAJIKE U3YyUYECHUA MaTepuraJia. B nauane
KasKOM IJIaBbI MbI 6y,71€M COO6H_[aTb, KaKue ee pa3/ieJibl, 110 HallleMy MHe-
HUIO, 6oJ1blIIe IHOAXOAT JId I/ICCJIBI[OBB.TG]Ieﬁ, a KaKue — IJiA IporpaMMucC-
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TOB. IIpH 3TOM MBI HaJleeMCsT, UTO BCE Pas3esibl OYAYT JOCTYIHBI YUTATE-
JISIM € JTIOOBIM YPOBHEM TIOJITOTOBKH.

TTepBbie BE IJIaBbI OMUCHIBAIOT MOPSIIOK YCTAHOBKY Ha HOYTOYK (ppeiim-
Bopka Spark B 6a30Boil KOH(UTYpAIUU U JIEMOHCTPUPYIOT, YE€TO MOKHO
JIOCTHYB C €T0 TIOMOIIIBI0. TTocsIe YCTAaHOBKHU 1 3HAKOMCTBA ¢ HEKOTOPBIMU
BO3MOKHOCTSIME MBI TIOTPY3UMCSI B KOMaHIHYO 000s0uKy Spark — wH-
CTPYMEHT, OU€Hb YAOOHBII /st pazpabOTKU 1 MPOTOTUIIMPOBaHuUs. B mo-
CJIEYIONINX TJIaBaxX MOAPOOHO OOCYKAAIOTCS TPOrPaMMHBIN MHTEpdEiic
Spark, mopsi1ok BBITIOTHEHUST TIPHJIOKEHII B KJIACTEPaX ¥ BBICOKOYPOB-
HeBble GuboTekH, foctyiHbie B Spark (takue kaxk Spark SQL u MLIib).

IKHUrM noAAep)KKn

WccenenoBaresisiM, He MMEIOIINAM OIBITa MCHOTb30Banust Python, otimy-
HBIM BBE/IEHUEM B 3TOT A3bIK IIPOTPAMMHUPOBAHUS MOTYT ITOCTYKUTD KHU-
ru «Learning Python»' u «Head First Python» (06e BblimyIenb usza-
teabctBoM O’Reilly). VMeromum HEKOTOPBII ONBIT IPOrPAMMUPOBAHUST
na Python, 1o sxenaiommm usyuurs ero riy6xe MOKHO OPEKOMEHI0BATH
kuury «Dive into Python» (Apress).

WmxenepaM-miporpaMMmucTaM, a Takke BCEM, KTO IMPOYTET Ty KHUTY,
JUIS pacIIMpeHus MO3HAHUH B 061acTi 06pabOTKH JJAHHBIX MBI PEKOMEH-
nyem kuuru «Machine Learning for Hackers» n «Doing Data Science»
(06e Boimyniens! usgarenbecToM O'Reilly).

ITa KHWUTA HAIMCAaHa A3bIKOM, TOCTYITHBIM /I HaYuHaIoumX. B fann-
HeWIIeM MBI TIPENOoJIaraeM HalucaTh 0oJee TOAPOOHYI0 KHUTY JIJIS TEX,
KTO MosKesaeT ry6ke BHUKHYTH BO BHyTpeHHee yeTpoiicTBo Spark.

Tunorpadckue corAaweHus

B aT0i1 KHUTE MPUHSATHI CJIeyTolue TUorpad cKre CoTIaIeHus:

Kypcus
W cnombayercest i7ist 0003HaY€HUST HOBBIX TEDMUHOB, 4/[PECOB 3JIEKTPOH-
HOI IOYTBHI, UMeH (ailioB 1 pacimpennii uMeH §aitios.

MOHOWMPUHHEI LIPYQT
[IpumensieTcst mist oopMiIeHNsT INCTUHTOB MPOTPAMM M TTPOTPAMM-
HBIX 9JIEMEHTOB BHYTPH OOBIYHOIO TEKCTA, TAKUX KaK MMeHa IepeMeH-

U Jlyriy M. Usyuyaem Python. 4-e usa. M.: Cumsos-ILmoc, 2010. ISBN: 978-5-
93286-159-2. — IIpum. nepes.
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HbIX 1 (l)yHKLII/HL/,I, TUIIOB JIAaHHDBIX, TEPEMEHHBIX OKPY/KCHNI, I/IHCprK]_[I/Iﬁ
N KJIIOYE€BBIX CJIOB.

MOHOWMPHHHEL KUPHE
O6o3Ha4aeT KOMaH bl MU JIPYTOI TEKCT, KOTOPBIH TOJIKEH BBOJUTHCS
I10JIb30OBaTEJ/IEM.

MoHOIMPYHHEDT KYPCUB

O6o3HayaeT TEKCT, KOTOPbI JOJUKEH 3aMellaTbes (hakTHUYeCKUMU
3HAYEHWSIMH, BBOJIUMBIMU TTOJTh30BATEJIEM WJIN OTIPE/IEISIEMBIMU U3 KOH-
TeKCTa.

/ \ Tak 0603HAYAIOTCA COBETHI, MPEATOKEHUA U MPUMEYaHus 00Iero xapak-
. Tepa.

A Tak 0603HAYAIOTCST IPELYIPEKIEHUS U IPENOCTEPEKEHUSL.

Ncnonb3oBaHMe NporpaMMHOro Koaa
npyMeposB

Bce mpumepsr mporpaMMHOTO KO/, YTO TTPUBOASTCS B 3TOW KHUTE, 10-
cryntbl B penosuropur GitHub. VX MOKHO MOJIydnTh 110 afpecy: https://
github.com/databricks/learning-spark. [Ipmmepsr Koga HalTcaHbl Ha S3bI-
kax Java, Scala u Python.

/ \ [Ipumepel Ha s3bIKe Java HalMCAHbI /IS BHIIOJHEHMS MO/ yIPaBJIeHieM
Java 6 u Bbitie. B Java 8 mosiButach mojiepskka JgsiMb/1a-BbIpaskeHuit, 0bJier-
= varomux cosmanue BerpanBaeMbix (inline) dyukuuii, 6rarogaps yemy Ko,
ucnoJb3yonmii ppeiiMmBopk Spark, mosydaercss HAMHOTO GoJIee TIPOCTHIM.
MBI penmIn He UCTIOIb30BaATh 9TOT CHHTAKCUC B OCHOBHBIX ITPUMEPAX, T10-
CKOJIBKY BepcHsl Java 8 moka He IOJydnsa IMIIPOKOTO PacIpOCTPaHEeHUsI.
Ecau Bam uHTEpecHo Oyzer monpoboBaTh CUHTAKCUC Java 8, mpouuTaiite
cratbio B Gsore Databricks'. HekoTopblie u3 puMepoB Mbl Heperucaiy Ha

Java 8 u coxparuiu B penosutopuu GitHub.

ﬂaHHaH KHUTa TIpU3BaHa OKa3aTb BaM ITOMOIIb B PEHICHNN BalllUX 3a-
Jlayd. Bt mozkere CBO6OLIHO HCIIOJIb30BaTh IPUMEPDBI ITPOIPaMMHOTO KO/1a
13 9TOI KHUTH B CBOUX MPpUJIOJKEHUAX U B JIOKYMEHTaIl1N. Bam ne HYKHO
O6paHI3.TI)C${ B N3aTE€JIbCTBO 3a pa3pe€lieHneM, €CJIn Bbl HE CO6I/IpaeTer
BOCIIPOM3BO/IUTH CYHIECTBEHHbIE YaCTU ITPOIrPaMMHOTO KO/Ia. Haan/IMep,
€CJIN Bbl pa3pa6aTbIBaeTe IIporpaMmMy " HCIIOJIb3yE€TE B Hell HEeCKOJIbKO
OTPBIBKOB ITPOTPaMMHOTO KO/Ia U3 KHUTH, BaM HE€ HYKHO 06pamaTb051 3a

U http://bit.ly/1ywZBs4.
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paspemierneM. OHAKO B cilydae MPOJAKU UM PACIPOCTPAHEHHSI KOM-
MaKT-IMCKOB C MPUMEPAMU M3 9TOH KHUTH BaM HEOOXOAMMO MOJYIHThH
paspemietue ot usgaresabcrsa O'Reilly. Ecoin Bb oTBeuaeTe Ha BOIPOCHI,
MUTUPYS IAHHYIO KHUTY UJIU IPUMEPDI U3 Hee, OJTydeHre Pa3pereHus He
tpebyercs. Ho mpu BKIIOYEHUN CYyNIECTBEHHBIX 0OBEMOB POrPAMMHOTO
KOJIa IIPUMEPOB M3 HTOH KHUTH B BaIIy IOKYMEHTAIINIO HEOOXO0AMMO Oy -
YNTH paspenieHne N31aTeIbCTBa.

MBI IPUBETCTBYEM, HO He TpebyeM 100aBIsTh CChIIKY Ha TEPBOMCTOY-
HUK TIpY MTHpoBaHun. 110z CCHIKON Ha TIEPBOMCTOMHUK MBI MOAPA3y-
MeBaeM yKazaHue aBTopoB, uznatesnbctsa U ISBN. Hanpumep: «Learning
Spark by Holden Karau, Andy Konwinski, Patrick Wendell, and Matei
Zaharia (O’Reilly). Copyright 2015 Databricks, 978-1-449-35862-4».

3a ToJryyeHreM paspelieHnst Ha MCIIOJIb30BaHNE 3HAUMTETbHBIX 00b-
€MOB NPOTPAMMHOTO KOZIa MPUMEPOB M3 9TOH KHUTH oOpaiaiTech 10
azapecy permissions@oreilly.com.

Safari® Books Online

Safari Books Online (http://www.safaribooksonline.com) — 310 BUpTyaiib-
Hast OMOJIMOTEKA, CO/IEPIKAIAs ABTOPUTETHYIO HH(MOPMAIUIO! B BUjie KHUT
U BUIECOMATEPUAJIOB, CO3[IaHHBIX BEAYITMMH CTIEIUATUCTAMU B 00JIACTH
TEXHOJIOTHI 1 Gu3Heca.

[Tpoceccronanbl B 06JaCTH TEXHOJIOTHH, PAa3pabOTUMKKU TIPOTPAMM-
HOTO obecrieueHnst, BeG-M3allHephl, a TaksKe OGU3HECMEHBI U TBOPYECKUE
paborHuky ucnoabsyior Safari Books Online xak 0CHOBHOII MCTOUHUK
uH(GOPMAIHN JIJIST TPOBEICHUS UCCJEI0OBAHWI, PEIIeHUs TIPobieM, 06yde-
HUST ¥ IOJITOTOBKY K CePTU(UKAIMOHHBIM HCITBITAHISIM.

Bubmmoreka Safari Books Online npemmaraer mmpokuii B160p 1Ipo-
JYKTOB ¥ TapuoB? I OPTaHU3anuii’, IPaBUTETbCTBEHHBIX! U yIeOHBIX®
YUPEXKIEHWI, a TakKe (DU3UUECKUX JIUIL.

[MoAmMCYNKI UMEIOT JIOCTYTI K TIOMCKOBOMN 6asze JaHHBIX, Co/epsKalieil
nHGOPMAIIMIO O ThICSYAX KHUT, BUIEOMATEPUATIOB M PYKOITHCEN OT TaKUX
usnareneii, kak O'Reilly Media, Prentice Hall Professional, Addison-
Wesly Professional, Microsoft Press, Sams, Que, Peachpit Press, Focal
Press, Cisco Press, John Wiley & Sons, Syngress, Morgan Kaufmann,

https://www.safaribooksonline.com/explore/.
https://www.safaribooksonline.com/pricing/.
https://www.safaribooksonline.com/enterprise/.
https://www.safaribooksonline.com/government/.
https://www.safaribooksonline.com/academic-public-library/.

w N e
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IBM Redbooks, Packt, Adobe Press, FT Press, Apress, Manning, New
Riders, McGraw-Hill, Jones & Bartlett, Course Technology, u necsitkos
apyrux'. 3a moapobHoit nHbopmaiueii o Safari Books Online obpariaii-
TeCh 110 azapecy: http://www.safaribooksonline.com/.

Kak ¢ Hamn cBs13aTbCS

C BOIIpOCaMU 1 MPEAJIOKEHUAMU, KaCalOIMNMUCA 3TON KHHUTHU, 06pamaﬁ-
TECb B N3/1aTEJIbCTBO:

O'Reilly Media, Inc.

1005 Gravenstein Highway North

Sebastopol, CA 95472

800-998-9938 (B Coepunennpix Htatax Amepuxu niu B Kanaze)
707-829-0515 (MesKLyHAPOIHBIIT )

707-829-0104 (caxc)

Crmcok ornedatok, (haliyipl ¢ TpUMepamMy U JIPYTyIO JOMOJHUTETHHYIO
nHgopMaIlnio Bbl HalijieTe Ha CTpaHuIle KHUTH http://bit.ly/learning-spark.

CBou 110KeJIaHus U BOTIPOCHI TEXHUYECKOTO XapaKTepa OTIPABJISIITE
110 azapecy: bookquestions@oreilly.com.

JlonoHuTrenbHy0 nHGOPMALIUIO 0 KHUATAX, 00cyskaeHus, IleHTp pecyp-
coB usgarenbersa O'Reilly Bbr Haiizere Ha caiire: http://www.oreilly.com.

Wmute nac B Facebook: http://facebook.com/oreilly.

Crenyiite 3a namu B TBuTTEpE: http://twitter.com/oreillymedia.

Cwmorpurte Hac Ha YouTube: http://www.youtube.com/oreillymedia.

BAaroaapHocTu

ABTOPBI BBIpAKAIOT GIaT0APHOCTH 0603PEBATESIM 32 OT3BIBLI 06 JTOI
kuure: [xxosedy Bpsmmu (Joseph Bradley), Joiisy Bpumkiaanmy (Dave
Bridgeland), Yeiisy Yanmaepy (Chaz Chandler), Maiiky [asucy (Mick
Davies), Comy [leXopuru (Sam DeHority), Buny Xa (Vida Ha), Sua-
pio Tany (Andrew Gal), Maiikay Ipercony (Michael Gregson), Sdny
Uoiineny (Jan Joeppen), Ctedany Moy (Stephan Jou), /lsxeddy Map-
tunecy (Jeff Martinez), [Isxomy Maxonuny (Josh Mahonin), 9uapio Op
(Andrew Or), Maiiky ITarrepcony (Mike Patterson), Isxomy Poseny
(Josh Rosen), Bpiocy Iansutcku (Bruce Szalwinski), Caurpyii Menry
(Xiangrui Meng) u Pesy 3aze (Reza Zadeh).

U https://www.safaribooksonline.com/our-library/.
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ABTOpBI BBIpaKatoT 0cobOy OaarogapHocTh J[9BUaY AHIKUEBCKH
(David Andrzejewski), Tauny Barraepy (David Buttler), [xxysbere
Xormanz (Juliet Hougland), Mapeky Kosomskeit (Marek Kolodziej), Take
[Munarase (Taka Shinagawa), le6ope Curesb (Deborah Siegel), nokropy
Hopmeny Mrosuiepy (Dr. Normen Miiller), Amu Toamm (Ali Ghodsi)
n Camupy Dapyku (Sameer Farooqui). OHu mpectaBuin moapoOHble
OT3bIBBI JJIst GOJIBITMHCTBA TJIAB ¥ TIPEJIOKIIN MHOKECTBO CYIIECTBECH-
HBIX YJIy4IlleHU.

MbI Takske XoTeau Gbl MoOJATOAaPUTh SKCIIEPTOB, YACTUBIINX BPEMsT
PEIaKTUPOBAHUIO W CO3JAHUIO OTIEJbHBIX uacteil rias. Tarxarata [lac
(Tathagata Das) pabotas ¢ Hamu Ha cozmanueM riasbl 10. Tarxarara mo-
IIIeJT IaJTbIIE TIPOCTOTO OMUCAHKS TIPUMEPOB, OTBETHUII HA MHOJKECTBO BO-
IIPOCOB, a TAKKE BHEC GOJIBIIOE YUCJIO TIPABOK B TeKCT. Maiika ApMOpycT
(Michael Armbrust) momor Ham nposeputb TitaBy «Spark SQL». JIxo-
sed Bpamiu (Joseph Bradley) npeacrasui BBogsbIi npumep aast MLIib
B riase 11. Pesa 3aze (Reza Zadeh) nmanucan Teker u mpumepbt Koja st
cokpamiennsi pasmeprocT. Csaurpyit Menr (Xiangrui Meng), /I»xo3ed
Bpamm (Joseph Bradley) u Pesa 3azne (Reza Zadeh) Bormosnnunm pegax-
THUPOBaHUE W PEIIEH3UPOBAHUE TJIaBbI ¢ onrcanueM oubsmorexku MLIib.
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BBeaAeHve
B dHAaNN3 AaHHbIX
C NOMOLWbIO Spark

B s710ii ri1aBe npusoautcs 06o0mennbii 0630p Apache Spark. Eciu Bor
ysKe 3HAKOMBI € 9TUM (PPEHMBOPKOM U €10 KOMIIOHEHTaAMHU, MOJKETE CPa3y
MepeiTH K T1ase 2.

Y10 Takoe Apache Spark?

Apache Spark — aro yrnusepcanvnas u evicokonpouseodumenvras xiacrep-
Hasl BBIYUCIUTEbHAST 11aT(opMma.

ITo mpousBoOAUTETBHOCTH Spark IPEeBOCXOANT MOMYJISIPHbIE PeaU3aI[in
mozenn MapReduce, momyTHo obecriednBast MOAIEPKKY Goee TMMPOKOTO
JIUATIA30HA TUITOB BBIYUCJIEH U, BKIIOYAS HHTEPAKTUBHbIE 3AITPOCHI 1 [IOTO-
KOBYIO 00paboTKy (streaming processing). CKOPOCTb UTPaeT BAKHYIO POJIb
pu 00paboTKe OOMBITIX 0OHEMOB JJAHHBIX, TAK KAK UMEHHO CKOPOCTD 110~
3BOJISIET PAOOTATH B MHTEPAKTHBHOM PEKUME, HE TPATst MUHYTHI UJIH YaChl
Ha ojkuzarre. OIHO 13 BaKHEHIINX TOCTOMHCTB Spark, obGecrieunBaronmnx
CTOJTb BBICOKYIO CKOPOCTD, — CTIOCOOHOCTD BBITIOIHSTH BLIYUCIECHUST B TTa-
msti. Ho paske nipu pabore ¢ iuckoBoii maMsaTbio Spark BeimosiHseT omepa-
1y HaMHOTO 3hdeKTUBHEE, YeM u3BecTHbIe MexaH3Mbl MapReduce.

DpeitMBOPK CO3ABAJICS C TIETBI0 OXBATUTH KaK MOKHO H0JIe€e IMTUPOKUIA
nuamaszon pabounx HATPY30K, KOTOPbIE Mpeskie TPeHGOBATN CO3MAHMS OT-
JIeJIbHBIX Paciipe/ieJIeHHBIX CUCTEM, BKJIIOUast TIPUIJIOKEHUST TTAKETHO 00-
pabOTKH, TIUKIMIECKIE AITOPUTMBI, MTHTEPAKTUBHBIE 3aIIPOCHI U TTOTOKO-
BYI0 06paboTKy. [TopnepxuBas Bce 5TH BUIbI 33/[a4 C TOMOIIBIO €IHHOTO
MexaHu3Ma, Spark yrpoiaer u yjaemesiser o0sedunenue pa3sHblX BUI0B
06paboOTKH, KOTOPBIE YaCTO HEOOXOIUMO BBITIOJHSTH B €IMNHOM KOHBeepe
06paboTku maHHBIX. KpoMe TOTo, OH yMeHbInaeT OpeMst 06CTyKUBaHNM,
HOIEPKUBAST OT/ETbHBIE HHCTPYMEHTBI.
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DpeitmBopk Spark mpemaraer npoctoiit APT Ha si3pikax Python, Java,
Scala u SQL u Goraryto KOJIEKIIHIO BCTPOEHHBIX Orbinotek. OH TakKe
JIETKO OOBEUHSECTCS ¢ APYTUME WHCTPYMEHTAMU 00pabOTKU GOJBIITNX
mauHbIX. B uwactHocTH, Spark MOKeT BBITONHATHCS TOA yHpaBJEHUEM
kiactepoB Hadoop u ncrosbzoBath Jto6bie ncTouHUKH Aanubix Hadoop,
Briouast Cassandra.

YHNPUUMPOBaHHLIN CTeK

IIpoekr Spark BK/IOYAaeT MHOKECTBO TECHO CBS3aHHBIX KOMIIOHEHTOB.
slapo gpeiiMBopka 06pa3yeT ero «BbIYUCAUTENbHbIA MeXaHu3M» (COmplu-
tational engine), oTBeyaroImuii 3a IIAHUPOBAHKE, PACIIPEAECAEHUE H MO-
HUTOPUHT HPUIOKEHUH, BBINOIHSIIOIMX MHOKECTBO BBIMUCIUTEILHBIX
3a7au Ha MHOKECTBE MAIUH — GbMUUCAUMENbHOM Kaacmepe. Boictpoe
U YHMBEPCAJIbHOE BBIUMCIUTENBHOE AP0 Spark mpuBoauT B aeiicTBue
pazHo06pasHble BHICOKOYPOBHEBbIE KOMIIOHEHTDI, CIEUAIN31POBAHHbIC
JUUISL pelIeHNs Pa3HbIX 3a/lay, TAKUX KaK BbIIOJHeHHE 3arpocoB SQL uim
MallMHHOE 00ydyeHre. DT KOMIIOHEHTBI HOAIEPKUBAIOT TECHYIO MHTEr-
PaLIO APYT € APYTOM, AaBast BO3MOKHOCTb OOBEANHSTD UX, II0L00HO0 O1O-
JIMOTEKAM B [IPOrPAMMHOM IIPOEKTE.

®unocodusa TecHOH MHTErpaluy UMeeT HECKOJIBKO IPEUMYIIECTB.
Bo-nepsbix, Bce 6MOIMOTEKN U BHICOKOYPOBHEBbIE KOMIIOHEHTHI CTEKA
U3BJICKAIOT OIpeJe/IeHHbIe BBITOAb OT YJIyUIIEeHW B CI0IX Oosee HU3-
koro yposHs. Hanpumep, korga B aapo Spark BHOCATCA Kakue-TO ONTH-
Musanuu, 6ubanorekn nopgepxkrn SQL u MamMHHOro 00ydYeHus aBTo-
MaTHYeCKH yBEINYUBAIOT IIPOU3BOAUTEILHOCTD, BO-BTOPDIX, 3aTpaThl Ha
COIIPOBOKAEHUE CTEKA MUHUMAJBHbI, IOTOMY 4TO BMecTO 5—10 HezaBu-
CHMBIX IIPOrPAMMHBIX CHUCTEM OpraHM3aluuu TpeOyeTcs HOAepKUBATh
TOJILKO OJIHY. DTHU 3aTPaThl BKJIIOYAIOT Pa3BepThIBAHME, COIIPOBOXKICHNUE,
TECTUPOBaHKE, MOAAEPKKY U T. JI. DTO TaKKe 03HAYAET, YTO MpU 100aB-
JIeHUH B cTeK Spark HOBBIX KOMIOHEHTOB BCE OPTraHU3aluy, UCIIO/Ib3YIO-
e Spark, HeMeIeHHO OJIy4aloT BO3MOKHOCTD OIIPOO0BATh 3TH HOBBIE
KOMIIOHEHTBL. JTO YMEHBLIAET 3aTPaThl Ha ONpoOOBaHKE HOBBIX BHIOB
aHaJIM3a JaHHbIX, U30aBJIsgsa OpraHu3aluil OT HeOOXOAUMOCTH 3aTrPysKaTh,
Pa3BEpPTHIBATL ¥ U3YYaTh HOBBIE IIPOrPAMMHBIE IPOEKTEL.

Haxomer, 0iH1M 13 caMbIX GOJIBIINX IPEUMYIIECTB TECHOH MHTErPalluu
SIBJISIETCS BO3MOKHOCTD CO3/1aBaTh IPUIOKEHUS, IIPO3PAYHO 00bEIMHAIO-
1e pastple Mozenu oopaborku. Hanpumep, ncnosibays Spark, MosKHO Ha-
[KCATh IPUJIOKEHHIE, TPUMEHSIONIEE MOIETb MAMIMHHOIO 00yYEeHs IS
KaaccuUKaluy IaHHBIX B MaciiTabe peajabHOro BpeMeHU U HOTped,IsIo-
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Imee TMOTOKOBBIE AaHHBIe. OMHOBPEMEHHO AaHAJNTHKN MMEIOT BO3MOXK-
HOCTD 3aTPAITUBATD PEIYIIBTATDI, TAKKE B MACIITabe PEATHbHOTO BPEMEHTH,
nocpenctsoM SQL (Hanpumep, 00 beIMHSIS TaHHBIE C HECTPYKTYPUPOBAH-
HBIMHU (haiiyiaMu sKypHasioB). KpoMe TOT0, OTIBITHBIE TIPOTPAMMUCTBI U HC-
CJIEZIOBATET MOTYT O6PATIATHCS K TeM JKe TAHHBIM TTOCPECTBOM KOMaH -
HOI 000J10uKK Ha s13bIKe Python u BBITOTHATD JOMOJTHUTEIBHbBIEC BH/IBI
aHasmm3a. /Ipyrie MOTYT MOJB30BATHCS PE3yIbTaTaMHt, MOJYIaeMBIMU OT
ABTOHOMHBIX TIPUJIOKEHUH MakeTHOH oOpaboTku. Ipu atom ormeny UT
MPUXOAUTCST OOCTYKIBATH €ITHHCTBEHHYIO CHCTEMY.

Huske MBI KOPOTKO MPEACTaBUM BCE OCHOBHbBIE KOMITOHEHTHI Spark,
n3o6pakennsie Ha prc. 1.1.

Spark SQL, Spark Streaming, MLlib,
GraphX,
o0paboTka 00paboTKa AaHHbIX OubnuoTteka oBoaborka
CTPYKTYPMPOBaHHbIX | | B pexume peanbHoro MaLUMHHOrO P
rpagos
DaHHbIX BPEMeHun 00y4eHus
Spark Core
Standalone Scheduler YARN Mesos

Puc. 1.1 < Crtek Spark

Spark Core

Spark Core peanusyer oCHOBHBIE (YHKIMOHATbHBIE BO3MOKHOCTH
dpeiimBopka Spark, BKJTIOUast KOMIOHEHTBI, OCYIIECTBIISIONIME TITAHN-
poBaHUe 33/[aHUIl, YIIPaBJIeHUE TaMIThIO, 06pPabOTKY OIIMOOK, B3aUMO-
JeiicTBYE ¢ cCUCTeMaMU XPaHEHUsI TaHHBIX U MHOTHE japyrue. Spark Core
sBIIseTCs Takke ocHOBOM API ycmoiuuevix pacnpedenennvix nadopos
Oannvix (Resilient Distributed Datasets, RDD) — 6a30B0ii abcTpakiuuu
Spark. Ha6ops! ganabsix RDD npencrasisior co6oii KOIIEKIUU 2IeMeH-
TOB, PaclpeleIEHHBIX MEKIY MHOKECTBOM BBIYUCIUTEIBHBIX Y3JI0B, KO-
Topble MOTYT oOpabarsiBarhes mapasieabo. Spark Core mpegocrasisier
MHOKeCTBO (DYHKIIHIT YITPABJIEHIST TAKMMU KOJITTEKITHSIMI.

Spark SQL

Spark SQL — nmaker uist paboOThI CO CTPYKTYPUPOBAHHBIMU JaHHBIMU. [T0-
3BOJISIET U3BJIEKATH TAHHbIE C TOMOIIBIO NHCTPYKITHIT Ha s13bike SQL 1 ero
maasnekte Hive Query Language (HQL). Iloanep:xuBaeT MHOKECTBO HC-
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TOYHUKOB JJAHHBIX, BKJItoUast Tabsmiel Hive, Parquet u JSON. B gomos-
Henue k uaTepdeiicy SQL kommonenT Spark SQL 1mo3BosisieT cMenBarh
B OJTHOM TIPIJIOKEHUH 3ampockl SQL ¢ mporpaMMHBIMU KOHCTPYKIIUSMU
Ha Python, Java u Scala, mognep:xuBaembimu aberpakieii RDD, u Ta-
KuM crioco6oM komOuHupoBath SQL co c1oxkHOoit aHamuTKoii. ITogo6Has
TEeCHast UHTETPaIist ¢ GOraThIMU BO3SMOKHOCTSIMU BBIYUCTUTETBHON CPEIbI
BBITOIHO oTanyaeT Spark SQL ot M06bIX APYTUX MHCTPYMEHTOB YIIPaB-
senust gartbivMu. Spark SQL 6b11 106assieH B crek Spark B Bepcuu 1.0.

Teproit peanuszarmeii mopaep:kkun SQL B Spark cran npoext Shark,
co3manubiii B Kamndopuniickom yHuBepcutere, bepkiau. ITOT MPOEKT
npezcrasisl coboit mogudukanmio Apache Hive, crioco6HyIo BbIIIOJ-
HATHCA NOJ yiipasyierneM Spark. ToziHee eMy Ha CMEHY PHUIITET KOMIIO-
nent Spark SQL, umeronuit GoJiee TECHYIO WHTETPAIIUIO ¢ MEXaHU3MOM
Spark u API 1711 pasHbIX SI3BIKOB IIPOIPAMMUIPOBAHIL.

Spark Streaming

Spark Streaming — xommonenT Spark mist 06pabOTKU TTOTOKOBBIX JIaH-
HbIX. [IpuMepamMy MCTOYHUKOB TAKMX [JAHHBIX MOTYT CJYXKUTb (DAiiJibl
JKYPHAJTIOB, 3aTIOJIHIEMbIe TEHCTBYIOMNMI BeG-cepBepaMi, WM OYepenn
COOOIIIEH I, TIOCHLIAEMBIX MTOJIB30BaTENIME BeO-CI1y:KO. Spark Streaming
umeer API 151 yrpaBiienust HOTOKaMU JaHHBIX, KOTOPbIH GJU3KO COOT-
BercTByeT Mozesan RDD, momanepsxmBaemoit kommonentom Spark Core,
4To 0bJIeryaeT u3ydeHre caMoro MpoeKTa U PasHbIX MPUIOKEHUH 06pa-
GOTKM JAHHBIX, XPAHSIIMXCS B TAMITH, Ha AUCKE WU TIOCTYIAOIINX B pe-
sKuMe peasibHoro Bpemenn. [lpuknannoit matepdeiic (API) xommonenta
Spark Streaming paspabaTbIBasicst ¢ TPUIIETOM 06ECTIEYUTH TAKYIO JKe Ha-
JEKHOCTb, IPOITYCKHYIO CIIOCOOHOCTH U MACIITAOMPYEMOCTh, 4To 1 Spark
Core.

MLlib

B cocraB Spark Bxomur Gubiauoreka MLIib, peanusyioras MexaHu3m
MmammnaHoro obydenust (Machine Learning, ML). MLIib noxuep:xusaer
MHOKECTBO aJTOPUTMOB MANIMHHOTO OOYYEHMSI, BKJIOYAs aJTOPUTMBI
kaaccndurarm (classification), perpeccun (regression), Kjacrepusanun
(clustering) u coBmectroit punbrparan (collaborative filtering), a Takske
(YHKI[MM TeCTUPOBAHUA MOJIEJIel 1 UMITIOPTUPOBaHUs JaHHbIX. OHa Tak-
JKe MPEeIOCTaBIISIET HEKOTOPbIE HU3KOYPOBHEBbIE MTPUMUTHBBI ML, BKJIIO-
Yas YHUBEPCAIBHYIO DEAU3AIMI0 aJTOPUTMA ONTHMU3AIMUA METOIOM
IpajIneHTHOrO ciiycKa. Bee atu MeTosbl criocobHbl paborath B MaciiTabe
KJTacTepa.
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GraphX

GraphX — 6ubnnoreka gy o6padborku rpados (pumepoM rpada MoKeT
CAYKUTH Tpad IPy3eil B COMMUATBHBIX CETSX ) U BBITOJTHEHUS TTapaJijiesib-
HbIX Berancsernit. [Togo6Ho kommonenTam Spark Streaming u Spark SQL,
GraphX gonomnser Spark RDD API BO3MOXHOCTBIO CO3JAHUSI OPHEH-
TUPOBAHHBIX TPAPOB € MIPOU3BOJBHBIMY CBOMCTBAMM, ITPUCBAUBAEMBIMU
Kaxx 10l Bepiure i pe6py. Takske GraphX mozuepskusaer pasHooOpas-
HbIE OlepaIny ypasjaeHus rpadamu (Takue Kak subgraph u mapVertices)
u 6ubmoTeKy 0600IEHHbIX aJIrOPUTMOB PaboThl ¢ TpadaMu (TaKUX Kak
aJITOPUTMbI CCBLJIOYHOTO patxkupoBanus PageRank u mmozcuera rpeyroJib-
HUKOB).

Oucnetyepsbl Knactepos

BuyTpennsis peanusaiusa Spark obecrieunBaer a(heKTHBHOE MacIiTa-
GUpPOBAHUE OT OHOTO JI0 MHOTHX TBHICSY BBIUMCIUTEIBHBIX Y37I0B. JIJIst
JOCTHsKEHM Takoi rubkoctu Spark nogaepsxusaer 6obioe MHOrooOpa-
3ue ducnemuepos kracmepos (cluster managers), sxodast Hadoop YARN,
Apache Mesos, a Takke MPOCTON AUCIIETYEP KITACTEPA, BXOSIIHUIT B CO-
craB Spark, koropsrii HassiBaercsa Standalone Scheduler. ITpu yeranoske
Spark Ha yrcTOE MHOKECTBO MATITMH HA HAYAILHOM 9TAlle C YCIEXOM MOJK-
Ho ucnosb3oBarh Standalone Scheduler. ITpu ycranoske Spark nHa yike
nmerontuiicst kiaactep Hadoop YARN mm Mesos MOKHO TIOJIb30BaThCS
BCTPOEHHBIMHU JIUCIIETYEPAMHE 9TUX KJacTepoB. IToapoOHee 0 PasHBIX JIHC-
neTyepax KIacTepoB M UX UCTIOJIb30BAHNN PACCKA3bIBACTCS B IIaBe 7.

IKTO 1 C Kakown ueAbio UcnoAbsyeT Spark?

Tak Kak Spark OTHOCHTCSI K KaTe€ropuy YHUBEPCAIbHBIX (HPEHMBOPKOB
MO//IEP/KKN BBIYUCJIEHUI B KJacTepaX, OH MPUMEHSIETCs /T peansa-
MU IMPOKOTO KPyTa MPUIOKEeHHI. Bo BCTYIIEHI MBI OTIPeIeIIN [1BE
IPYIIIBI yMTaTe e, Ha KOTOPBIX OPMEHTHPOBAHA HAlllA KHUTA: CIIeI[HaJInC-
Thl B 00JIACTH aHAJM3a JAHHBIX U MHKEHEPbI-TIPOrpaMMUCThL. [laBaiite
Ternepb MOOJMIKe MO3HAKOMUMCST ¢ 0OCHMME TPYIITAMHU U ¢ TeM, KaK OHU
ucnospsyior Spark. HeyansuresbHO, Y4TO CHENMANUCTBI B OTUX JBYX
IpyInax uCmoab3yiorT Spark mo-pasHoMy, HO MbI MOJKEM MTPUMEPHO pas-
OUTH CJTydan MCIOJIb30BAHUA Ha JIBE OCHOBHbIE KATETOPUU — UCCLe006a-
Hue 0annvix 1 06padomKa OanbIx.

Pasymeercst, 9T0 BecbMa YCJIOBHOE pasjieieHne, i MHOTUe T1podeccro-
HaJsIbl 00J1a1a10T 0O0UMHU HABBIKAMHM, MHOT/IA BBICTYIIAsl B POJIM UCCJAE0-
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BaTteseit JAHHBIX, a MHOTAa CO3/1aBasd ITPUJIOKECHUA O6pa6OTKI/I JIAaHHDBIX.
Tem 1e MmeHEE MMeeT CMBICT B OT/ICJIBHOCTU PACCMOTPETD 3TN ABE TPYIIIIDI
1 COOTBETCTBYIOIINE UM CJIydan NCITOJIb30OBaHUWA.

UccnepoBaHue paHHbIX

Hayka o nannbix (data science) — OTHOCHTEIbHO HOBast IUCIUILINHA, 10~
SIBUBIIASICSI HECKOJIBKO JIET TOMY Ha33Jl M CIIEITUATIM3UPYIONIAsICST Ha aHa-
J3e JaHHbIX. HecMoTpst Ha OTCYTCTBUE TOYHOTO OIIPeeJIeHNsT, Mbl Oy 1eM
[0JIb30BAThCS TEPMUHOM CREUUANUCHL 8 0OLACTNU AHAIUA OAHHBLX, VI
ucciedosamenn, 1 0003HAUEHUsI JIIOJEil, OCHOBHOI 3amaueil KOTOPBIX
SIBJISIIOTCS aHAIM3 U MOJIeJIMpoBaHie JaHHbIX. ClienuajiucTbl B 001acTu
aHaJIM3a JIAHHBIX MOTYT UMETh OTIBIT MCIOJb3oBauus SQL, crarucrtnye-
CKUX METOJIOB, IIPOrHO3MPOBaHUsI (MAIIMHHOTO 00YUEHMsT) ¥ IIPOrPaMMU-
poBaHusl, Kak mpasusio, Ha Python, Matlab umu R. Onu taxke Biageror
npueMamMu 11peodpasoBaHus JaHHBIX B (hOPMaThl, B KOTOPHIX OHU MOTYT
OBITh IIPOAHAIM3UPOBAHBI LI IPOHUKHOBEHMS B UX CyTh (MHOI/A 9TO Ha-
3BIBAIOT Gbinacom oannvix — data wrangling).

WccaenoBaTesn MCHOJMB3YIOT CBOM HABBIKW [IJISI QHATM3A JIAHHBIX
C T1eJTbI0 OTBETUTD Ha OTIPEIeJIEHHbIE BOTIPOCHI MJTH BCKPBITH UX CYTh. Yac-
TO OHU TIPUOEraloT K Clelnaln3uPOBAaHHBIM METOAM aHAIU3a, JIJIs Yero
UCIIOJIB3YIOT MHTEPAKTUBHBIE 060JOYKKM (BMECTO CO3[AAHUS CJIOKHBIX
MIPUJIOKEHMUIA ), TO3BOJISIIONINE UM TTOJIy4aTh PE3YJIBTATHI 3aIIPOCOB B KPaT-
yaiinme cpoku. Biaarogaps 6eictpoeiictsuio u npocrore API ¢peiiMmBopk
Spark mpekpacHo MoAXOAUT ISt 9TOA 11eJIM, @ er0 BCTPOeHHbIe GubIoTe-
KW [TPEJIOCTABJISTIOT MHOKECTBO FOTOBBIX aJITOPUTMOB.

Biarogapss 6oJibIOMy 4Mcily KOMIOHEHTOB Spark momumepskuBaer
GoJibllioe MHOTOOOpasue BUAOB aHajM3a JaHHbIX. KoMaHaHas 060J0uKa
Spark ymporaer nposezieHe aHain3a B UHTEPAKTUBHOM PEKUME, C TIPU-
menenueM Python nim Scala. Spark SQL raxske MeeT oTe/IbHY O HHTED-
aKTUBHYIO 000J104Ky SQL, KOTOPYI0 MOMKHO KCIOJIb30BaTh JJIsI UCCJIe-
nosanus ganHbIx. KommoneHT Spark SQL MOKHO TaksKe MCIOJIb30BaTh
B OOBIYHBIX TIPOrPaMMax Ha OCHOBe Spark mjm us KOMaHIHOU 000JI0YKU
Spark. TexHororiK MAITMHHOTO OOGYYEHUS U aHAIM3a JAHHBIX OJIIEPKHU-
BaloTcs Takxke oubanorexamu MLIib. Kpome Toro, umeerca noguepxka
BHelIHUX TporpamMm Matlab nimm Ha assike R. Spark mossossier ucciie-
JIoBaTeIsIM JaHHBIX 3aHUMAThCs 3aJadyaMi, OCHOBaHHBIMU Ha 06paboTKe
OIPOMHBIX 00BEMOB JIAHHBIX, KOTOPbIE IIPEsK/IE ObLIM HEJOCTYITHBI IIPH 1C-
HOJIb30BaHUHU [TPOCTHIX MHCTPYMEHTOB, TakuX Kak R mym Pandas.

Wwuorna, Besiesr 3a HAYAIbHBIM HTAIIOM UCCJIEI0BAHUS JTAHHBIX, UCCIIe-
JI0BaTeJ0 HeoOX0AMMO O(OPMUTH AaHAJIH3 B BI/E 3aKOHYEHHOTO ITPOLYK-
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Ta, TO €CThb CO3/1aTh HAJIEXKHOE MPUJIOKEHUE, ITO3BOJISIONICE BBITOTHATD
JIaHHBII aHAJIN3 U CIOCOOHOE CTAaTh YACTHIO MPOMBIIIIEHHOTO TIPUIIOKE-
Hust. HarmpuMep, HavaJibHbIE UCCJICIOBAHNSI TAHHBIX MOTJIN OBl IPUBECTU
HCCJIEIOBATEIISI K MBICJIU O HEOOXOAMMOCTH CO3/[aHUsT PEKOMEHIaTeTbHOM
cucreMbl (recommender system), HHTETPUPOBAHHON B BeO-IIPUIIOKEHIE
¥ TeHepUPYIOIIel peToXKeHns s mosb3oBaTeseil. Hepenko cosmann-
€M TaKOTO 3aKOHUYEHHOTO MPO/IyKTa 3aHNMAaeTCs PYTO YesIoBeK — MHKe-
HEp-TPOrPaMMHUCT.

OOpaboTka paHHbIX

E1iie oguH 0CHOBHOH cryyaii ucrosbzoBanus GppeiiMBopka Spark MoxkHO
olMcaTh B KOHTEKCTEe paboThl MHKEHepa-porpaMMucTa. B qanHoM ciry-
yae 1o/| MHKEeHePaMHU-TIPOrPaMMUCTaMK MbI IIOIpasyMeBaeM paspadoTyi-
KOB IIPOrPaMMHOI0 0becIedeHus], NCIIOAb3YOIUX Spark aus cosmaHus
npuoxkennii 06paborku gaHHbX. OObIMHO 9TH Pa3pabOTYMKN 3HAKOMDI
C IPUHITUTIAMY CO3/IaHUsI TPOTPAMM, TAKUMU KaK MHKATICYJISIIIVS, IU3aiH
unrepdeiica 1 06bEKTHO-OPUEHTUPOBAHHOE MporpamMmuposanue. OHU
YacTO MMEKT clHeluanbHoe 00pasoBaHUe U WCHOJb3YIOT CBOM 3HAHUS
Y HABBIKU JIJIsl TPOEKTUPOBAHUS ¥ CO3/IAaHMS TPOrPAMMHBIX CUCTEM, pea-
JIUBYIOIUX OM3HEC-JIOTHKY.

ITporpammucram Spark npegocTaBisieT mpocToil crocob paciapasiie-
JINBAHUS CO3/IaBa€MbIX MU TIPUJIOKEHUH B PAMKaX KJIacTepa U CKPbIBAeT
CJIOKHOCTH TPOTPAMMUPOBAHUS PACITPE/ICTIEHHBIX CUCTEM, CETEBbIX B3au-
MozeiicTBuil 1 yeroiturBocTH K onrOkam. CrcreMa aeT UM JOCTaTOUHO
BBICOKWI yPOBEHb KOHTPOJIS JIJISI OPTaHU3AIMK MOHUTOPUHTA U HACTPOK -
KU NPUJIOKEHUIT, a TakKe ObICTPOro CO3JAHMsI PeaJUsaliii THIIMYHBIX
3asad. Momysnpaas npupoga API (Ha ocHOBe Tiepesiaun pacrpe/iesieHHbIX
KOJUJIEKIIUH 0OBEKTOB) YIPOIIAeT cosfaHue OMOJMOTEK MHOIOKPATHOTO
MCTIOJIb30BAHUS U X TECTUPOBAHUE HA JIOKAJILHOM KOMIThIOTEPE.

ITosb3oBarean yacTo BhIOUpaioT dhpeiiMBopk Spark B kauecTBe OCHO-
BbI JIJIsl CBOMX IPUJIOKEHUH 00pabOTKU JaHHBIX, IIOTOMY YTO OH IPeo-
CTaBJIsIeT IMUPOKOe pasHooOpasue (DYHKIMOHAJIBHBIX BO3MOKHOCTEI,
[POCTHIX B U3YYEHUM U MPUMEHEHMH, a TaKKe 0Jarofaps ero speaocTu
W HaJIe)KHOCTH.

KpaTkas ncropua passutug Spark

Spark — 9T0 MPOEKT ¢ OTKPBITHIM HUCXOAHBIM KOJOM, TO/IEPKUBAEMbIIT
MHOTOYHCJIEHHBIM COO0TIECTBOM Pa3padoTInKoB. Eciu BbI WM Balla
opraHusaiyst mpodyer mpuMeHuTh Spark BriepBbie, BaM MOKET ObIThH WH-
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TEPECHO y3HATh HEMHOTO 00 MCTOPHUU 3TOTO mpoekTa. IIpoekT Spark Ha-
yrHasics B 2009 rofy Kak McCiIea0BaTeNbCKuil, B 1ab0OpaToOprK CUCTEM
ObicTpoil paspaborku npunoxkenuii RAD Lab Kamudopuuiickoro yuu-
Bepcurera (Bepkim), nosanee mepenmenoBantoil B AMPLab. Tpexe
coTpyauukn sabopatopun ncrnosnbsosaaun Hadoop MapReduce u mpu-
IILJTA K BBIBOLY, 4TO Mozesb MapReduce HeaddeKkTuBHA A1 peainsaun
UTEPATUBHBIX U NHTEPAKTUBHBIX BBIYUCIUTEIbHBIX 3a1a4. [ToaTomy ¢ ca-
MOro Hayasa (ppeiiMBOpK Spark mpoexTUpoBasICcs ¢ IPUIEJOM Ha JOCTH-
JKeHUEe MaKCUMAJTbHON MPOU3BOIUTETHHOCTH B MHTEPAKTUBHOM PEKUME
U TIPY BBITIOJTHEHUU UTEPATUBHBIX AITOPUTMOB, YTO, B CBOIO OU€PE]Ib, IT0-
BJIEKJIO PeAM3AIINIO Ujlell XPaHeHUsT JAHHBIX B TaMATH 1 3(DheKTUBHON
06paboTKH OMMOOK.

Bexkope nocste Havasra paboThl Hazl ipoektoM B 2009 rofy B akageMude-
CKUX KpyTax MOSIBUJIMChH IepBble cTathi 0 Spark. Yike torna dpeiiMBopk
nokasbiBai 10—20-kpaTHoe IpeBocxoAcTBO B ckopoctu Hax MapReduce
Ha HEKOTOPBIX 3a/Ia4ax.

B uucie mepsbix nojb3oBaresieil Spark ObLin TOJIBKO J1ab0pPaTOPUK
Kamndopuutickoro yamusepcurera. K ux umciy, HarpuMep, OTHOCSTCS
uccseioBaresu B 00J1acTH MalMHHOrO 0OydueHus: w3 mpoekra Mobile
Millennium — onu ucnoabzoBanu Spark s MOHUTOPUHTA U TIPOTHO3K-
posanust mpobok Ha goporax Can-Dpanimcko. OMHAKO B 0Y€HDb KOPOTKOE
BpeMst Spark cTanu ¥CmoNMb30BaTh APYTUE OPraHM3aIIH, U Ha CETOHSIII-
Huil giens Gosee 50 opranmsanuii ykassiaioT cebs Ha crpanuie Spark
PoweredBy' u gecsitku Apyrux sasBiasiorT 00 wucrosb3oBanuu Spark
B CIIMCKaX coolIiecTs, Takux Kak Spark Meetups® u Spark Summit®. ITo-
muMo KasmmdopHuiickoro yHuBepcuTeTa, B paspaborke Spark yyacTByror
taxxke Databricks, Yahoo! u Intel.

B 2011 roxy naboparopuss AMPLab tpuctynmia K paspaboTke BbICO-
KOYPOBHEBBIX KOMITOHEHTOB JiJist Spark, Takux kak Shark (Hive on Spark)*
u Spark Streaming. 9tu u Apyrre KOMIIOHEHThI HHOTAA HasbiBaloT «CTeK
aHam3a gaHHbIX u3 Bepkim» (Berkeley Data Analytics Stack, BDAS).

Ucxonnbiii kog Spark 661 otkpbiT B Mapte 2010 roga u B moxe 2013-To
nepeznan B oy Apache Software Foundation, rie npojosmkaer passu-
BaThCS U 110 Ceii /IEeHb.

http://bit.ly/1yx195p.
http://www.meetup.com/spark-users/.
http://spark-summit.org/.
[Tosntee npoekt Shark samenunt npoekt Spark SQL.
https://amplab.cs.berkeley.edu/software/.
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Bepcun Spark

C MoMeHTa Co3/1aHust TIPOEKT Spark akTHBHO Pa3BUBAETCS COOOIIECTBOM,
KOTOPO€e IMPOOJIKAET Pa3pacTaThCs € KaXKIbIM BbITycKOM. B cozmanun
Bepcun Spark 1.0 yugactBoasmo 6osee 100 ormenbHbIX pa3pabOTIYHUKOB.
HecMoTpst Ha POCT aKTUBHOCTH, COOOIIECTBO TPOMOJIKAET BbIMTYCKATH
obuoBJeHHBIEe Bepcuu Spark Ha peryssipHoii ocHoBe. Bepcust Spark 1.0
Bbiia B Mae 2014-ro. Ita KHUTa B OCHOBHOM OXBarbiBaeT Bepcun Spark
1.1.0 u BbIIE, XOTS GOJMBIIMHCTBO TPUMEPOB OyeT paborath u ¢ Gosee
PAHHUMU BEPCUSIMUL.

MeXxaHn3Mbl XpaHeHNs1 AaHHBIX AAS Spark

Spark moser cosmaBaTh pacrpesesieHHbIe HAOGOPHI JAHHBIX U3 JIOOBIX
(daiiios, XpaHAIUXCcA B pacnpeaeseHHoil ¢aiinosoii cucreme Hadoop
(HDFS) unm B apyrux cucremax XpaHeHUs JAaHHBIX, MTOIEPKIBAIOITNX
Hadoop API (Britouas JokanbHyIO daiioByio cuctemy, Amazon S3,
Cassandra, Hive, HBase u zap.). BaskHo nomunTs, uto Spark He tpebGyer
Hasmunst Hadoop; oH pocTo mojiiepkuBaeT B3auMOIeHCTBIE ¢ CHCTEMA-
MU XpaHeHus JaHHbIX, peaausytomux Hadoop API. Spark mogaep:xkusaer
TekcToBble (aiiibl, paiiner SequenceFile, Avro, Parquet u siro0bie apyrie
dhopmarsl, ogepxuBaembie Hadoop. TTpueMbr HCIIOIb30BAHKS 9TUX HC-
TOYHUKOB JIAHHBIX OYIyT PacCMaTPUBAThCS B IJIaBe 5.



